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Abstract

Relative cell type fraction estimates in bulk RNA-sequencing data are important to control for cell composition
differences across heterogenous tissue samples. Current computational tools estimate relative RNA
abundances rather than cell type proportions in tissues with varying cell sizes, leading to biased estimates. We
present lute, a computational tool to accurately deconvolute cell types with varying sizes. Our software wraps
existing deconvolution algorithms in a standardized framework. Using simulated and real datasets, we
demonstrate how lute adjusts for differences in cell sizes to improve the accuracy of cell composition. Software

is available from https://bioconductor.org/packages/Iute.
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